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Abstract: In this paper, we study the iterative algorithms for saddle point problems(SPP). Bai, Golub and Pan
recently studied a class of preconditioned Hermitian and skew-Hermitian splitting methods(PHSS). By further
accelerating it with another parameters, using the Hermitian/skew-Hermitian splitting iteration technique we
present the generalized preconditioned Hermitian and skew-Hermitian splitting methods with four parameters(4-
GPHSS). Under some suitable conditions, we give the convergence results. Numerical examples further confirm
the correctness of the theory and the effectiveness of the method.
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1 Introduction

We consider the iterative solutions of large sparse
saddle point problems of the form

(o 0) ()= ()

where A € R™*™ is a symmetric positive defi-
nite matrix, B € R™*"™ 1is a matrix of full col-
umn rank, p € R™ and ¢ € R" are two given vec-
tors. here m > n. Denote by BT the transpose of the
matrix B. These assumptions guarantee the existence
and uniqueness of the solution of the linear system.

This system arises as the first-order optimal-
ity conditions for the following equality-constrained
quadratic programming problem:

ey

min J(z) = %IETACE—pTl' ()
st. Bx = q 3)

In this case the variable y represents the vector of
Lagrange multipliers. Any solution (z.,y.) of (1) is
a saddle point for the Lagrangian
1
L(z,y) = 52" Az —pla+ (Bz—q)'y (&)

hence the name ’saddle point problem’ given to (1) .
Recall that a saddle point is a point (z.,y.) €
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R™™ that satisfies
L(ZU*J/) < L(x*,y*) < L(x,y*)

forany x € R"™ and y € R™, or, equivalently,

&)

minmaxL(z,y) = L(x,y.) = maxminL(z,y) (6)
T oy y x

Systems of the form (1) also arise in nonlin-
early constrained optimization (sequential quadratic
programming and interior point methods), in fluid dy-
namics (’Stokes’ problem), incompressible elasticity,
circuit analysis, structural analysis, and so forth[1].

Since the above problem is large and sparse, it-
erative methods for solving equation (1) are effective
because of storage requirements and preservation of
sparsity. The best known and the oldest methods is
Uzawa algorithms[2]. The well-known SOR method,
which is a simple iterative method that is popular in
engineering applications, cannot be applied directly to
system (1) because of the singularity of the block di-
agonal part of the coefficient matrix. Recently, several
proposals for generalizing the SOR method to sys-
tem (1) have been proposed[3, 4, 5, 6, 7].

Recently, Benzi and Golub discussed the conver-
gence and the preconditioning property of the Her-
mitian and skew-Hermitian splitting(HSS) iteration
method when it is used to solve the saddle point
problem[8].Then, Bai et al.establish a class of precon-
ditioned Hermitian/skew-Hermitian splitting(PHSS)
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iteration method for saddle point problem[9], and
Pan et al.futher proposed its two-parameter ac-
celeration, called the generalized preconditioned
Hermitian/skew-Hermitian splitting(GPHSS) itera-
tion method, and studied the convergence of this iter-
ative scheme[10]. Both theory and experiments have
shown that these methods are very robust and effi-
cient for solving the saddle-point problem when they
are used as either solvers or preconditioners(for the
Krylov subspace iteration methods).

In this paper, By further accelerating PHSS it-
eration method with another parameter, we present
the generalized Preconditioned Hermitian and skew-
Hermitian splitting methods with four parameters(4-
GPHSS). Under some suitable conditions, we give the
convergence results. Numerical results show that the
new methods are very effective.

2 The Four-parameter PHSS itera-
tion methods

In this section, we review the HSS and PHSS
iteration method for solving the saddle-point prob-
lems presented by Bai,Golub and Ng,Bai,Golub and
Pan[8, 9].

Let A € C™" be a positive definite ma-
trix. Given an initial guess z(¥) € C™. For k =
0,1,2,--- until {x(k)} converges, compute

{ (ol + H)x(k"'%) = (o — 8)z™ +b o

(al + 8)zF+D) = (oI — H)x(k+%) +5b

where « is a given positive constant.
In matrix-vector form, the above HSS iteration
method can be equivalently rewritten as

25 = M(a)a® + N(a)b,k =0,1,2,---  (8)
where
M(a) = (ol +S) Yol — H)(al + H) Yal - S)
and
N(a) =2a(al +8) *al + H)™*

Here, M (o) is the iteration matrix of the HSS itera-
tion. In fact, (8)may also result from the splitting

A=F(a) - G(a)

of the coefficient matrix A, with

F(a) = %(a[—&-H)(OJ—FS)
! ©)
G(a) = %(OJ— H)(al —95)
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The following theorem describes the convergence
property of the HSS iteration.

Theorem 1. [8]Let A € C™™ be a positive def-
inite matrix, H = (A + A*) and S = }(A —
A*) be its Hermitian and skew-Hermitian parts, re-
spectively, and o be a positive constant. Then

the spectral radius p(M(«)) of the iteration ma-
trix M («) of the HSS iteration is bounded by

|l — A

ole) = ,\jrgf(H) la+ Al

where \(H ) is the spectral set of the matrix H. There-
fore, it follows that

p(M(a)) < o) < 1,¥a >0,
i.e., the HSS iteration converges to the exact solu-
tion z* € C™ of the system of linear equations (1).

Moreover, if Ymin and Ymaqz are the lower and the up-
per bounds of the eigenvalues of the matrix H, respec-

tively, then
a— A
a—+ A

a Ymin <A< Ymaz

= vV YminVYmax

o = argmin { max

and

O'(Oé*) _V TYmazx — y/ Ymin
v Tmaz + \ TYmin
k(H)—1

CVeH) +1
where k(H) is the spectral condition number of H.

To establish the convergence properties of itera-
tive method for the saddle-point problem, It need to
begin by writing the saddle-point problem (1) in non-
symmetric form:

AZ =b (10)

where

_ A B [z (P
(e (o)

define matrices

A 0
p:(ocg (12)

B=A"2BQ 7 ¢ R (13)

and
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where (Q € R™ "™ is a prescribed nonsingular and
symmetric matrix, and define

A-pbapi- L. P 14
gor) o

7 y
b=psp— (P 16
(_q) (16)

Then the system of linear equations (1) can be trans-
formed into the following equivalent one:

A <x> =b (17)
Y
Evidently, the Hermitian and skew-Hermitian parts of

the matrix A € R(™+7)*(m+1) are_ respectively,

— 1 - —7 I 0
A= (A+7 ):(O 0) (18)

and

—_1— T, 0 B
S-(A—A)—(_BT 0) (19)

By straightforwardly applying the HSS iteration tech-
nique to (17), it then is easy to obtain the HSS iteration

scheme [8] :
7k +3) (k)
Sy | =T = 9 | gy |+
_ [zk+D) —(k+3)
(al +59) y(’f“) = (al — H) (k+2

where « is a given positive constant, The iteration ma-
trix of the HSS iteration method is

M, = (ol +8) Hal —H)(ad + H) *(al - 5)

gl

(al + H)

<l

&
S

(20)

It then follows immediately that in the original vari-
able it is easy to obtain the following preconditioned
Hermitian/skew-Hermitian splitting (PHSS) iteration
method [9].

2(F+3) )
(P + H) y(k"’%) = (aP - 9) ) b
0P+ 5) 2 (k+1) (P — H) 2 (k+3) )
ol + = oL — 1 +
y(k+D) y(k+3)
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where
1 T 1 T
The iteration matrix of the PHSS iteration method is
Mq)
=(aP + S)"YaP — H)(aP+ H) ' (aP - S)

(22)

Letw, 7, « and S be four nonzero reals, I,,, € R™*™
and I, € R™*" be the m-by-m and the n-by-n identity
matrices, respectively, and

wly, 0
Q= < 0 TIn>

al, 0
= )

Then we consider the following four-parameter PHSS
iteration scheme:

2k+3) k)
(QP + H) e — (QP - 8) R
(AP + 8) rt (AP — H) o+ b
+ = (AP - N
y(k‘+1) y(k+§)
(23)

More precisely, we have the following algorithmic
description of this Four-parameter Preconditioned
Hermitian and skew-Hermitian Splitting method(4-
GPHSYS).

Algorithm 2. (The 4-GPHSS iteration method)

Let Q € R™™ be a nonsingular and symmet-
ric matrix. Given initial vectors z®) € R™, y(©) ¢
R™, and four relaxation factors w,T,a,5
0. For k = 0,1,2,...until the iteration se-

quence {(x(k)T,y(k)T)T} is convergent, compute

sk+3) pa®) w+1A Lp — By®)
y*r2) =y ® 1+ 1Q-Y(BTa® —g)
ytD) = D—l(/@Qy(k—&-%)
+(1— é)BTx(k+%) + éBTA—lp —q)
k1) = a1l (kt3) 4 éA‘l(p— By(k-i—l))
(24)

here D = a 'BTA'B + BQ € R™" .

Obviously, when w = o, 7 = 3, Algorithm 2 re-
duces to GPHSS method in[10]; when w = a =7 =
(3, it becomes the PHSS method[9].
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By selecting different matrix (), we can get some
useful 4-GPHSS iterative algorithm. Such as ) =
01,(0 # 0),Q = BTA™'B,Q = B”B, in addi-
tion to the above special selection method, as long as
you keep () symmetric positive definite, can also have
other method.

After straightforward computations we obtain the
iterration matrix of the 4-GPHSS iteration method

M(w,T,oc,B)
= (AP+S)"Y(AP - H)(QP+ H)"L(QP - 9)
= P_%M(w,r,a,ﬁ)P_%
where
M(wﬂ',a,ﬁ)

= (AT +S)"Y (AT —H)(QI+H)"'(QI - 5)
Therefore, we have p(M, - o.5)) = P(M (4 r.0.5))-
Evidently, the 4-GPHSS iteration method can be
equivalently rewritten as

14k+1)> (axk)> p
— Ll + Mora ( )(25>
<yw+1) (w,T,0,3) y@g (w,T,0,3) —q

where
. _(aA B\l [gelly _alp
wred) =\ BT 5Q EBTBQ
(26)
and
-1 satw
N(w,r,a,ﬁ): <_BT BQ) < +(1) W[ﬂ)
(27)

Here, L, - o) 18 the iteration matrix of the 4-GPHSS
iteration. In fact, (25) may also result from the split-
ting

A= M(w,T,a,,B) - N(w,T,a,B) (28)

of the coefficient matrix A, with

awtl) 4 wtlp

M(W7T7azﬁ) = < wta T agw > (29)
B ¢

N(w,T,a’B) = ( (*/)B—HX T g-&—w ) (30)
pre == 1)
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3 Convergence analysis

By straightforward computations, we can ob-
tain an explicit expression of the iteration matrix

ﬁ(w,f,oz,ﬁ) in (25)

Lemma 3. Consider the system of linear equa-
tions (10). Let A € R™*™ be symmetric positive
definite matrix, B € R™*™ be of full column rank,
and w,T,a,8 > 0 four given constants. Assume
that Q € R™*™ is a symmetric positive definite ma-
trix. Then we partition L, ;o g) in (25) as

L1 L2
L w,T,o = 31
where
_(a-1w “1pg-1 pT
fu=qorn!l = Tepend BSagB
_ Blatw) 1 he
Lo = _a(w n 1)A BS(aﬁ)Q
wla—1 I5} _ _
Lo = ( EW n 1; + ;)QS(O}’[})BTA 1
oa—1 Blw+a)
bn=- ol D@
and
_(a—1w B
T(a,ﬂ,w,T) - 042((4) + 1) + ar (32)
1
Sl =pQ+-BTA'B (33)
Proof. Let
— _1 _1
M(Wﬂ'v%ﬁ) = P QM(w,T,a,B)P 2 (34)
oc(w+1)I wil
— w+aiT at+w (35)
_ B BTy
B+T B+t
— _1 _1
(w,m,0,8) — P 2N(w,»r,a’5)P 2 (36)

w(a—1) 175
= (ugaf _%WB) 37
T
=B el

where the matrices P and B are define
in (12)(13). Then

- le Z12 71 T
[’(w,ﬂ',a,ﬁ) = (521 £22> = M(W,T,a,ﬁ)N(w,T,a,B) (38)
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with
= (a—Tw _((a—l)w ,8) N
= alw+1) a?(w+1)  ar (e.B)
- platw)so-1
= — B
L2 a(w+1) Sap)
— wla—=1) B.—-1 =T
= - B
Lo (a(w+ 0 + T)S(a,ﬁ)
7 _a-1 Blw+ a)—=-1
2T uF w1 @)
where
_ 1
S =pI+-B'B (39)
(o,8) o
Then from (28) we have
—1
E(UJ7T,0475) = M(W,T,a,ﬁ)N(w7Tvo‘7/B) (40)
= P M, 0nNwrapP? (1)
= Piéz(w,T,a,B)P% (42)
the result follows immediately. O

Based on Lemma (3), we can further obtain the
eigenvalues of the iteration matrix L, - o gy of the 4-
GPHSS method.

Lemma 4. Let the conditions in Lemma 3 be sat-
isfied. If o(k = 1,2,...n) are the positive singu-
lar values of the matrix B = A_%BQ_%, then the
eigenvalues of the iteration matrix L, r . ) of the 4-
GPHSS iteration method are ZEgI_B
itym —n, and

dk:t\/di—élek

27(w+1)(aB +72)’

with multiplic-

k=1,2,...n. (43)

where

dy, = w75(a+1)—|—aﬁ7(w—l)—[ﬁ(w—{—l)—&—T(a—l)]Ei

and
ex = Br(w+ 1) (a — 1) (wr +72)(afB + 77)

Proof. From (42) we know that L, ; o) is similar
t0 Ly r,q,8) Of (38). Therefore, we only need to com-
pute the eigenvalues of the matrix L, - o 3) -

Let B =0 5,V  be the singular value decom-

position of the matrix B, where U € R™*™ and V €
R™™ are unitary matrices, and

il = (%) ,i = diag(?l,ﬁg, R ,En) € R, 44)
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Then after a few computation, we have
_ _ 19 o
Stap = V(I + =SV =VDV"
’ o

and therefore

o flesber 4pi? o
£11 =U (a(w_H) w(a—1) ) UT
0 a(w+1)I
_Blatw)sy—1Y\ _
Lio=U ( (o) =D > 74
0
- — wla—=1) [ 4 T
= — =4+ =)¥D
Lo V((a(w 1) + 7_) ,0)U
= _oa—-1 Bwta) 4T
=V(- D
Lo =V( w+1 + w+1 v
Define Q = diag(U, V), then
7T7 —
Q E(w,T,a,B)Q =
12 Blatw) = -1
07 alot) L 0
(r+HEDTT 0 eI+ HEPDT
_ (a—lw B _ (a—1Nw
where t = 2Z(@+1) + = CESIE
It follows immediately that the eigenvalues of the
w(a—1)

matrix L, r o ) are just oSy
n, and those of the matrix

with multiplicity m—

(r]_tp—lz2 _Blatw)sip-1 )
L a(w+1)
(r+8)Ep-t —aclpy fletapa
which are the same as the  matrices
1 ’r J—
mﬁk, k=1,2,...,n. where
Ly =

Blw+1) —2
— Bletl)ze

wh(a—1) — —B(w + a)oy,
(w(a—1) + 22y 0f(w+ 1) — (a — 1)72

The two eigenvalues of the matrix £ are two
roots of the quadratic equations

Blw+1l)+7(a—1)_,

M — 208w + (W — a)B — . gL\
+§(w +1)(a— 1) (wr —i—Ei)(aﬂ —i—Ei) =0
or in other words,
1
A=oo <dk +/d3 — 4ek> (45)
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We know that the eigenvalues of the ma-
w(a—1)
a(w+1)

di, £ +/d2 — 4dey,
i —1,2,...n.  (46)

27(w + 1)(ap —i—Ei) k=

trix Ly r q,8) are with multiplicity m —n, and

This completes our proof. 0
Lemma 5. [11] Consider the quadratic equation x> —
br +c = 0, when b and c are real numbers, Both
roots of the equation are less than one in modulus if
and only if |c| < land |b| < 1+c.

Theorem 6. Consider the system of linear equa-
tions (10). Let A € R™*™ be symmetric posi-
tive definite matrix, B € R"™™ be of full column
rank, and w, T, a, B > 0 four given constants. Assume
that Q@ € R™ ™ is a symmetric positive definite ma-
trix, If wt = af, Then

p(ﬁ(wﬂ',a,ﬂ)) <1,YVw>0,7>0,aa>0,8>0.(47)

i.e. the 4-GPHSS iteration converges to the exact so-
lution of the system of linear equations (10) .

Proof. According to lemma 4, we know that the
eigenvalues of the iteration matrix L, o ) are

e with multiplicity m — n, and roots of the

quadratic equations

N4+bh+c=0

where

b=

Blw+1)+7(a — 1)]6,2€ —2afwt — (0 — w) BT

T(w+ 1) (af + Ez)

and

Ba—1wr+os
- T, =2
Tw+laf+oy

obviously, we have

w(a—l),_‘a—lH w
aw+1" " a Twtl

| <1,

and if wT = «f, then after a few computation, we
have

1w7+0k| | w(a 1)|
Tw+1a6+ak (w+1
w+1
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and

Bw+ 1)+ 7(a — 1)]737 — 20BwT — (@ — w) BT
T(w+ )(a5+0k)
20wt + (0 —w)BT + (1 — B —wP — at)5s
T(w+1)(aB +73) |
2a,8w7'+(oz— w)BT + (1 — B+ wr + af)os
T(w+1)(af +77)
Boa—lom'—i-ak
;w+1aﬂ+5z
=l+c

By lemma 5, we have |\| < 1, in other words, when
wr =af, p(Lwrap) <1,Yw,7,a,8>0. O

Theorem 7. [10]Consider the system of linear equa-
tions (10). Let A € R"™™ be symmetric positive def-
inite matrix, B € R™*™ be of full column rank,
and w,T,a, 3 > 0 four given constants. Assume
that Q € R™*™ is a symmetric positive definite ma-
trix, If w = a, 7 = B, Then

P(Lwr)) <1,Yw>0,7>0. (48)

i.e. the GPHSS iteration converges to the exact solu-
tion of the system of linear equations (10) .

Proof. From (40) we know that L, ; o) is similar
to Z(wma’ g) of (38). Therefore, we only need to com-
pute the eigenvalues of the matrix Z(wma, 5).

Based on lemma 4, when w = a,7 = [, we
can obtain that the eigenvalues of the iteration ma-
trix L(w,T) are “— oT1 L with multiplicity m — n, and

w(wr — Ei) + \/(Tw —i—Ez)?
(w+1)(Tw + Ei)

— 4w376%

k
=

)

(49)

k=1,2,....n
We know that when 7w + Ei > 2wy/Twoy ,

wlwr — 72| + \/(Tw +77)? — dwiTo}

A =
’ (w+1)(Tw +7%)
w |Tw + 72| 1 4wiTo?
pu— + _—
w+1l\ Tw+o3 w?  (Tw+03)?
w 1
<—-(1+—-)=1
w+1( +w)

when 7w + Ez < 2w+/Twoy, ,

EWNUNCIEN S
=\VATA = w+1<1

Issue 12, Volume 11, December 2012

(k)
1,2



WSEAS TRANSACTIONS on MATHEMATICS

Obviously, we have

|w — 1
w+1

then
p(M, ) <1,Yw > 0,7 >0,

i.e. the GPHSS iteration converges to the exact solu-
tion of the system of linear equations (10). O

Corollary 8. [9] Consider the system of linear equa-
tions (10). Let A € R™*™ be symmetric positive
definite matrix, B € R™"™ be of full column rank,
and w,T,a, 8 > 0 four given constants. Assume
that Q € R™*™ is a symmetric positive definite ma-
trix, Ifw =a =1 = 3, Then

p(L(a)) < 1,Ya > 0. (50)
i.e. the PHSS iteration converges to the exact solution
of the system of linear equations (10).

The optimal iteration parameter and the cor-
responding asymptotic convergence factor of the
GPHSS iteration method are described in the follow-
ing theorem.

Theorem 9. Consider the system of linear equations
(10). Let A € R™*™ be symmetric positive def-
inite matrix, B € R™*™ be of full column rank,
and w,T,a,8 > 0 four given constants. Assume
that Q € R™*™ is a symmetric positive definite
matrix, If w = «o,7 = B,o(k = 1,2,...n) are

the positive singular values of the matrix B
11 in (—

A QBQ 2, and Omin 121;;” {Uk}a Omax

12 ATk }. Then for the GPHSS iteration converges

to the exact solution of the system of linear equa-

tions (10), the optimal value of the iteration param-

eter w, T is given by

w* = argminp(M, ;))

(w,7)

_ Omaz + Omin

2 V OmaxOmin

T = aT’g%niI;P(M(w,T))

. 20 mazTmin vV OmaxOmin

Omaz + Omin

and correspondingly

VOmax — V/Omin
vV Omaz + /Omin

p(M(w*,T*)) =

E-ISSN: 2224-2880
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Proof. According to lemma 4, we know
lw—1]|
w1

w |w‘rfﬁi\ 4w7’6i
wtl \ wr+o? (wr+5%)? |’
forwr + Ei > 2w\/WTOY , Or
for wr + Ez < 2w/ wToy,

or

L]

w2

Al

(5D
fork=1,2,---n.
We observe that the following two facts hold
true:

1. when w < 1, CUT—l-Ez > 2w/ wrog, k =
172’...71;

2. whenw > 1,
a. wT —|—Ei > 2w+\/wToy, if and only if 0 <
Op <a_ orog>ay,ke{l,2,---n};

b. wT—&—E% < 2wy/wTo,ifand only if a— <
or <oy, ke{l,2,---n};

—1 —1
C o1 <y er
where
a_ = wywr — Jwr(w? —1)
at = wyVwr + Vwr(w? — 1)
Let

O(w,T,0)
L w |wr — 2| N 1 dwro?
S wHl\ wr+o? w?  (wr+02?)?

Then base on the facts (1) and (2) we easily see that

max{ 75, max O(w, 7,7},

forw <1,
p(M(w,T)) =

max{ Z—:ll, Inax O(w, T,0k)},
oTG >0y

forw > 1.

(52)
For any fixed 5 > 0, we define two functions 61, 65 :
(0, 400) — (0, 4+00) by

_B-t __ 4B
After straightforward computations we obtain
rey 2P oy L AB(E—B)
Hl(t)_ (/8+t)2’ 92(t)_ (,8+t)3 .

It then follows that:

Issue 12, Volume 11, December 2012



WSEAS TRANSACTIONS on MATHEMATICS

i. lrélkaécn@(w,ﬂ Tk)
- max{@(‘”? T, Umin); @(w, T, Umax)},
forw<1,ando?,;, <wr <o,

ii.  max O(w, T,0%)
0p<Q—_ Or O >04

= ma:n{@(w, T, Umin): @(w, T, Gmax)},

forw > 1, and opin < Q— OF Opmar > Ot

Therefore, when w <
* % . 2 * % 2
ter w*, 7% must satisfy Omine. < W' T < Ohams

either of the following three conditions:

L. %;Z: = G(W*vT*vamin) > G(W*vT*aUmax)

1, the optimal parame-
and

2. 172

= @(W*vT*aamax) > @(W*aT*aamin)

*

3. @(W*,T*,Umin) = G(w*aT*agmax) Z i;z*

and when w > 1, the optimal parameter w*, 7* must
satisfy opmin < @ Or Opmaz > o), and either of the
following three conditions:

a.
w*—1 * % * %
W+ 1 :9("‘) » T ,O-min) > Q(W y T aUmaz)
b.
w*—1 * % * %
w* + 1 = @<w s T 7Umax) Z @<w s T 7Umin)
C.
* ok * ok wr—1
@(W , T 7Umin) = @(w , T >Umax) > o+ 1

o =WV — \JwrTH (w2 — 1),

o = WV 4 Jwr T (w*? = 1).

By straightforwardly solving the inequalities(1)-
(3), and(a)-(c), we can obtain W*T* = TinOmaz, WE
can further obtain the optimal parameters

* _ Omaz + Omin (53)

2 vV OmaxTmin
% 20 mazOmin vV OmazOmin
T = 54)

Omaz T Omin
The by substituting w*, 7*into (52), we obtain

_ VOmaz — \/Omin (55)
B vV Omaz T /Tmin

w

p(M(w*,T*))

O]
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Corollary 10. [9]Consider the system of linear equa-
tions (10). Let A € R™*™ be symmetric positive
definite matrix, B € R™*" be of full column rank,
and w,T,a,8 > 0 four given constants. Assume
that Q € R™ ™ is a symmetric positive definite ma-
trix, fw = a =71 = p,o(k = 1,2,...n) are

the positive singular values of the matrix B =
Ai%BQiéy and Omin = 1;n]§gn{ak}aamax
1ol ATk} Then for the PHSS iteration converges
to the exact solution of the system of linear equa-
tions (10), the optimal value of the iteration param-
eter « is given by

ot = argmoinp(M(Oé)) = \V/OminTmaz,
and correspondingly

p(M(Oé*)) _ Omaz — Omin (56)

Omaz T Omin

4 Numerical examples

In this section, we use a numerical example to fur-
ther examine the effectiveness and show the advan-
tages of the 4-GPHSS method over the PHSS method
and GPHSS method.

This example is a system of purely algebraic
equations discussed in[12].The matrices A and B are
defined as follows:

i+1, =7,
A= (aij)mxm =1 1, li —j| =1,
0, otherwise.

, 1=j+m—mn,
B = (bi,j)mxn = {J J

0, otherwise.

We report the corresponding the number of it-
erations(denoted by IT), the spectral radius(denoted
by p), the time needed for convergence(denoted by
CPU)and the norm of absolute error vectors(denoted
by RES)by choosing Q@ = BT B for all the SOR-
like, 4-GPHSS, GPHSS and PHSS methods. The stop-
ping criterion are used in the computations,

||7x |2

<1076
[[7o]]2

where

_(p A B\ [z
=) =BT 0) \y®
and {(z®",y®"T} is the kth iteration for each of

the methods.
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The optimum parameter for the SOR-like, PHSS
and GPHSS method were determined according to
had and given the results. We chose the parameters for
the 4-GPHSS method by trial and error. All the com-
putations were performed on an Intel E2180 2.0GHZ
CPU, 2.0G Memory, Windows XP system using Mat-
lab 7.0.

From the below numerical results, we can see that
the iteration number and the time in the 4-GPHSS
method and GPHSS method are less than that in the
SOR-like, PHSS method. From the IT and CPU two
rows, we know that we can decrease the number of
iterations and the time needed for convergence by
choosing four suitable parameters. However, we only
give the two optimum parameters, further theoretical
considerations regarding the determination of the four
optimum parameters for the 4-GPHSS method and nu-
merical computations are needed before any firm con-
clusions can be drawn. Further work in this direction
is underway.

Table 1: Iteration parameters for the PHSS method.

m 50 200 400

n 40 150 300

m-+n 90 350 700
Wopt 0.2037 | 0.0993 0.0705

IT 99 210 306

CPU(s) 0.2507 | 21.5841 | 311.6206

p(M(wopt)) 0.3653 | 0.3276 0.3320
RES 9.01E-7 | 947E-7 | 9.90E-7

Table 2: Iteration parameters for the GPHSS method.

Chunping Pan

spectral radius

0.145

GPHSS and 4-GPHSS with the optimal parameter
T T T

4-GPHsS
- — — GPHss |4

CPU(s)

Table 4: Iteration parameters for the 4GPHS S method.

m 50 200 400
n 40 150 300
m+n 90 350 700
w 1.0742 | 1.0584 | 1.0601
T 0.0386 | 0.0093 | 0.0047
a 1.08 | 1.064 | 1.064
B 0.0384 | 0.00925 | 0.00468
IT 9 9 9
CPU(s) | 0.0263 | 1.1026 | 9.1113
p(Myrop) | 0.1838 | 0.1483 | 0.1695
RES 9.63E-7 | 447E-7 | 5.07E-7

Table 5: Iteration parameters for the GPHSS method
without the optimum parameters.

m 50 200 400

n 40 150 300

m+n 90 350 700
Wopt 1.0742 | 1.0584 | 1.0601
Topt 0.0386 | 0.0093 | 0.0047

IT 10 9 9

CPU(s) 0.0492 | 1.1086 | 9.1771
p(Mu 70ry) | 0.1892 | 0.1685 | 0.1708
RES 3.18E-7 | 7.52E-7 | 8.75E-7

Table 3: Iteration number for the SOR—-1 ike method.

m n | m+n | wept IT CPU(s)
50 40 90 | 1.8201 | 292 0.422
200 | 150 | 350 | 1.9533 | 1032 | 32.75
400 | 300 | 700 | 1.9759 | 2066 | 546.281

E-ISSN: 2224-2880

m 50 200 400

n 40 150 300

m+n 90 350 700

w 1.2 1.2 1.2

T 0.2 0.2 0.05

IT 55 103 102
CPU(s) | 0.144 13.843 | 110.092
RES | 8.89E-7 | 9.35E-7 | 9.82E-7

Table 6: Iteration parameters for the 4GPHSS method
without the optimum parameters.

m 50 200 400

n 40 150 300
m-+n 90 350 700

w 1.2 1.2 1.2

T 0.2 0.1 0.05

o 2.6 4.4 4

B 0.0923 | 0.0273 0.015

IT 26 35 37

CPU(s) | 0.0812 | 4.376 | 40.355

RES | 9.59E-7 | 5.68E-7 | 7.81E-7
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