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Abstract: - This study aims to analyze the role of Perceived Credibility (PC) in increasing the influence of
Effort Expectancy (EE) and Price Value (PV) on fintech digital payment transactions in MSMEs. The data
processed were from 110 respondents, and SMART PLS 4.0 was applied as an analysis tool. The results
showed that effort expectancy (EE) had a positive and significant influence on the adoption of fintech digital
payment systems for transactions, as observed through the path coefficient of 0.230 with a t-statistic of 2.436
and a p-value of 0.007. Meanwhile, the price value variable did not significantly affect the adoption of fintech
digital payment systems, as shown by the path coefficient value of 0.088, t-statistic of 0.846, and p-value of
0.199. The SEM-PLS data analysis further showed that the perceived credibility (PC) could strengthen the
influence of price value on the adoption of fintech digital payment systems for transactions, with a significance
level of 0.043. Meanwhile, the p-value of 0.324 showed that the perceived credibility does not moderate the
effect of effort expectation on the adoption of fintech digital payment systems for transactions in MSMEs.
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1 Introduction funds. As a result, technology has become a critical
driver of efficiency, security, and accessibility in
modern financial operations.

The development of Micro, Small, and Medium
Enterprises (MSMESs) is increasing annually, as
observed by the existence of different clusters and

Several entities are developing and paying special
attention to information technology investment as a
process to facilitate the effective collection,
processing, and use of information. This process
focuses on utilizing information technology that can

provide convenience for entities in conducting most quantities, as well as relevant technology.
daily business transactions. Based on the latest data from Figure 1, the

The main function of utilizing technology is to Central Java Brovincial Cooperative and Micro,
facilitate every transaction. Moreover, the rapid Small, and Medium Enterprises (MSME) Office, the

expansion of the Internet has transformed payment number  of MSME? upder the guidancg of the
transaction behaviors. Central Java Provincial Government in 2024

This is because computers and the internet have reached 193,200 units. This number increased in the

always been essential technologies that support third quarter of 2025, rfeaching 197,539 unjts.
accounting, particularly in processing business Furthermore, the increase recorded in Central

transactions. There are several financial service Java Shf)WS the potential to enhance the capacity and
providers using technology to manage and distribute competitiveness  of  MSMEs, as  well as
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empowerment strategies, and the potential for
economic growth in the province. This significant
figure shows the great potential for technology
integration,  especially  financial  technology
(fintech), that can accelerate the payment process,
facilitate access to financing, and increase the
efficiency of financial management for MSME
actors.
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Fig. 1: Data Table of MSMEs Assisted by Central

Java Province
Source: [1]
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The development of fintech has led to a
significant transformation in the global payment
system by driving a shift from traditional payment
methods to more efficient and innovative digital
solutions. Moreover, digital payment systems, such
as e-wallets, mobile banking, and application-based
payment platforms, have become the backbone of
the digital economy by facilitating faster, safer, and
more affordable payment transactions. The OJK
(Otoritas Jasa Keuangan) released the data, which
showed the total fintech transactions in 2024 to be
IDR 448.40 billion, [2]. The increase in transaction
volume was caused by the improvement of the role
of fintech in the financial ecosystem of Indonesia,
[1]. Even though fintech is continuously adopted,
there are some challenges to ensure that the factors
influencing the acceptance and usage of technology
by MSMEs are understood. Some of these include
the lack of knowledge related to the technology,
concerns about data security, and distrust of digital
platforms, [3]. Therefore, the factors influencing
fintech adoption need to be understood to ensure the
benefits are experienced. This is important mostly in
the context of increasingly rapid digital
transformation.
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Fintech is often adopted due to the ease of use
or lower costs, as well as psychological and social
factors such as trust, risk perception, system
security, and platform credibility. Therefore, there is
a need to understand the factors influencing fintech
adoption to ensure an even experience of the
benefits. Effort or user expectations are examples of
the factors associated with the ease of using a
technology. According to [4], [5], there is a greater
possibility of adopting a technology considered
easier to use. This is in line with the observation of
[6] that ease of use is a dominant factor in mobile
banking adoption. Another important factor is price
value because users tend to prefer platforms that
offer low or even free transaction fees, as well as
provide added value, such as cashback or discounts.
This was confirmed by [7], that price value had a
significant influence on the intention to use mobile
banking. The study [5] also applied the Unified
Theory of Acceptance and Use of Technology 2
(UTAUT-2) model and reported that effort
expectation (ease of use expectation) and price
value (price value) significantly influenced user
intentions and behavior in adopting technology.

Trust in the security and reliability of the
platform is a critical aspect capable of strengthening
or weakening the influence of factors such as effort
expectation and price value on the adoption of
fintech digital payment systems. This is because the
use of information technology is often associated
with security and privacy risks. A previous study
conducted by [8] showed that the risk of system
security increased the potential for computerized
accounting fraud. A greater risk to the security of
the computerized accounting system led to a smaller
opportunity for misuse. Moreover, [9], [10]
explored perceived credibility as a factor
influencing usage intention but did not test the
moderating effect on effort expectation and price
value in adopting fintech digital payment systems.
Previous studies emphasized technology in general
without specific attention to fintech digital payment
systems, considering the unique characteristics such
as higher security and privacy risks.

Security and privacy factors influencing the
applications used for transactions have been studied.
This further motivated the addition of the perceived
credibility variable, predicted to strengthen or
weaken the intention of users (MSMEs) to adopt
fintech digital payment systems in business
transactions. Perceived credibility is related to two
important dimensions, including security and
privacy, which are identified in most studies to
influence user intentions to adopt online transaction
systems. For example, [11] explained that the desire
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or intention to adopt an electronic tax system (e-tax
filing) could be influenced by the perceived
credibility of users regarding security and privacy
issues. The concept is defined in this study as the
extent to which users believe a fintech platform is
safe, reliable, and trustworthy. The integration of the
perceived credibility variable into this study model
is expected to improve and provide a more
comprehensive understanding of the factors
influencing the adoption of fintech digital payment
systems. The trend is related to the consideration of
trust and security of digital systems as very
important because of the sensitivity of financial
transactions.

The conduct of this study is justified by several
reasons. First, fintech digital payment systems are a
rapidly growing area, but there is uncertainty among
consumers regarding the security and credibility of
the platform. Second, the UTAUT-2 model, which
is the theoretical basis of this study, has been widely
used to predict technology adoption but has not fully
accommodated the role of perceived credibility as a
moderating variable, especially in the context of
using fintech digital payment systems. Third, the
results are expected to provide new insights for
fintech service providers and regulators in designing
strategies to increase the adoption of digital
payment systems by improving ease of use, offering
competitive price value, and building platform
credibility through security, reliability, and
transparency.

Therefore, this study contributes to the
development of academic literature and has
significant practical implications for the fintech
industry. The aim is to analyze the effect of effort
expectation and price value on the adoption of
fintech digital payment systems. The moderating
role of perceived credibility in the influence of
effort expectation and price value on the adoption of
fintech digital payment systems for transactions was
also examined.

2 Problem Formulation

An effort to understand the efficiencies and
constraints of the digital payment systems
governance is presented through the spectacles of
transaction theory. The reason this is possible is that
digital transactions enable real-time access to
standardized pricing information, services, and
payment options, thereby reducing the search and
negotiation costs. Furthermore, fintech digital
payment systems like e-wallets can partly reduce
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traditional transaction costs, for example, the need
for financial intermediaries or manual contracts.

Transaction theory states that other forms of
transaction costs are required in managing platform
monopoly risk and technology access imbalances
between large corporate users and MSMEs. These
include cybersecurity costs, opportunism risk
management, and compliance with developing
regulations, [12], [13], [14].

2.1 Fintech Digital Payment Systems

Fintech digital payment systems are defined as the
integration of technology into payment transactions
by financial services, companies, institutions, or
start-ups. The introduction of these systems has
transformed traditional banking practices by
enabling faster transactions, greater accessibility,
and improved user experience through innovative
payment applications and platforms. The rapid
evolution of digital payment systems has also
transformed consumer behavior and motivated
MSME owners to adopt and implement secure
platforms that foster trust in fintech.

The study [15] defined fintech as an innovation
from the financial sector that is associated with the
integration of technology in business models to
facilitate the elimination of intermediaries. It is also
intended to change the method often applied by
existing companies to produce and provide products
and services, address privacy issues, regulations,
and legal challenges, and allow opportunities for
inclusive growth.

A similar definition was also expressed by [16],
who showed the concept as a form of technology-
based financial services currently trending in the
world, both in terms of devices and business. The
current economy is getting more dependent on
digital financial transactions. This is because
financial services are easier to access with a
subsequent increase in transaction efficiency, which
is very important in economic growth, [17].

The studies regarding fintech transactions
indicated that there was a huge number of
consumers and MSME owners who were switching
to digital payment methods. As a result, financial
institutions have been compelled to adopt more
sophisticated and secure systems in order to satisfy
the demand.

This also provides fintech startups the
opportunity to innovate and come up with more
creative solutions to offer better quality of service
and healthy competition in the market. As digital
tools become more advanced, consumers
increasingly expect seamless, personalized, and
reliable financial experiences. But the security and
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privacy of the user data matter to all the parties for
maintaining trust in the digital services. The
collaboration between the government, financial
institutions, and technology companies is very
important in the successful provision of a safe and
innovative ecosystem. The regulations can be set up
to support and protect the interests of all parties.

2.2 Effort Expectation

The main factors of the Unified Theory of
Acceptance and Use of Technology model
(UTAUT) [18] include effort expectation. This is a
concept that refers to how much individuals think it
is easy to use a technological system and how little
effort is needed. The variable is viewed as a key
factor in determining whether an individual will use
digital payment systems in the context of fintech
transactions. In particular, effort expectancy is
defined as the ease of using a system. The studies
[19], [20], [21], [22] further explained that the
concept is similar to three constructs, including
perceived ease of use (TAM/TAM?2), complexity
(Model of PC Utilization/ MPCU), and ease of use
(Innovation Diffusion Theory/ IDT).

Effort expectancy is related to the reluctance of

users to use any technology or information system.
This is because there is a need to put in place efforts
to ensure the effective utilization of financial
information systems with a view to improving
overall satisfaction, [23]. According to [24],
business expectations had a significant impact on
the user intention to adopt Internet banking in
Pakistan.
Also, [25] examined the adoption of financial
information systems using respondents from small
and medium enterprises in Jordan and found
business expectations to have a positive and
significant effect on behavioral intention. In
addition, the ease of application, the ease of
navigation, the intuitive user interface, and efficient
transaction processes could enhance the adoption of
the technology, [26], [27].

Several past studies found that effort
expectation significantly influenced the user's
intention to use fintech services. According to [27],
[28], the perception of ease of use could increase the
user's trust in the payment system, thereby leading
to the intention to use. Also, [26] demonstrated that
users were prone to adopt a technology considered
easier to use. In the world of users who are not very
digitally literate or have had no experience with
fintech, this factor is even more important.

This explanation generated the assumption that,
in the case of higher effort expectations for fintech
digital payment transactions, they could increase the
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level of adoption by users. Therefore, the following
hypothesis is proposed in this study:

Hypothesis 1: Effort expectation has a positive
effect on the adoption of fintech digital payment
systems for transactions.

2.3 Price Value

Price value is the extent to which cost and pricing
structures have a significant impact on the use of a
system or technology, [29]. This concept is part of
the main factor influencing the decision to adopt
fintech-based digital payment services. [30],
reported that price value may affect consumer
decisions in relation to intention to use technology
(Behavioral Intention), with moderating variables of
gender and age. Price value is also indicated by the
consideration of the benefits received and the costs
incurred when using a technology, [30].

According to [31], price value had a very
significant influence on the behavioral intention of
Go-Pay users as a non-cash payment transaction
service in the city of Bandung. [32], also explained
the concept as the perception of the gap between the
monetary costs of using a technology and its
benefits. The predictor of behavioral intention to use
a technology was also the price value. The study
[33] conducted a similar study that reported price
value had a positive effect on the behavioral
intention of using Go-Pay in the Special Region of
Yogyakarta. Moreover, it was also found that high
price value perception could increase the intention
to use digital payment systems. When users believed
that digital transactions were cheaper than the
conventional payment methods, the possibility of
switching to a fintech system increased, [28].

Users in the current digital economy want
solutions that strike a balance between convenience,
security, and low cost, and this shows that price
value is related to the psychological aspects, [26].
Therefore, fintech digital payment systems would
have higher chances of adoption when a higher
perception of benefits than costs is experienced.
This study predicts that price value is significant and
has a positive effect on the adoption of fintech
digital payment systems for transactions.

Hypothesis 2: Price value has a positive effect on
the adoption of fintech digital payment systems for
transactions.

2.4 Perceived Credibility

Perceived credibility is explained as the confidence
of users in relation to the reliability and security of
fintech digital payment systems. This belief includes
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the perception that the systems are safe enough to
protect users’ personal and financial information
from risks such as fraud or data leaks. The trend
also increased the adoption of fintech services due
to the fact that high perceptions of security and
privacy significantly increased consumer confidence
in the services. Security and privacy were two
important dimensions of the construct of perceived
credibility in the fintech, as explained by [9], [34].
Moreover, [35] defined security further as the
protection of information or systems from
unauthorized intrusions or outflows. On the other
hand, privacy is interpreted as the protection of
different types of data given or received with or
without the knowledge of users using an electronic
system.

It cannot be ignored that perceived credibility is
important in increasing the adoption of fintech
digital payment systems for transactions.
Furthermore, positive attitudes and intentions to use
fintech systems depend on the trust of users in
security and privacy. In a recent study, [36], found
that strong security perceptions were associated with
the intention to adopt fintech services. The wider
adoption of fintech services was also reported to be
driven by high trust, [37].

This study determines the determinants of
decisions to adopt a fintech digital payment system
for transactions. It was found that effort expectation
and price value were important for MSMEs, but the
influence of these two exogenous variables was not
often direct and linear. Therefore, perceived
credibility was predicted as a factor that could
strengthen or weaken the effect of exogenous
factors on the adoption.

This is possible because a high level of trust in
the security and reliability of the fintech system
tends to increase the willingness to adopt, despite
challenges in terms of ease of use or service costs.
Meanwhile, low perceived credibility can lead to
more skepticism and less motivation to use fintech
systems, even when the service is easy to use and
has a competitive price value.

Strategies that focus on improving security,
privacy, and transparency can assist in building trust
among users in order to increase the adoption of
fintech digital payment systems for transactions.
The existence of several underlying arguments has
motivated studies to propose two moderation
hypotheses as follows:

Hypothesis 3: Perceived credibility increases the

influence of effort expectation on the adoption of
fintech digital payment systems for transactions.
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Hypothesis 4: Perceived credibility increases the
influence of price value on the adoption of fintech
digital payment systems for transactions.

The population in this study included the
owners of MSMEs using fintech digital payment
systems for transactions in Central Java. Moreover,
the random sampling method was used to provide an
equal opportunity for each individual in the
population to be selected as a respondent. This led
to the selection of 110 owners as respondents, and
the number was considered adequate for statistical
analysis in studies related to the adoption of fintech
digital payment systems for transactions.

Primary data were collected through structured
questionnaires developed with a 5-point Likert scale
from 1 (strongly disagree) to 5 (strongly agree), and
a quantitative design with a survey method was
used. In addition, the data collected were subjected
to analysis using Structural Equation Modeling
(SEM-PLS) using SmartPLS 4.09 software as an
analysis tool. In addition, the Partial Least Squares
(PLS) is a powerful analysis method that does not
require several assumptions, and the data do not
need to be multivariate or normally distributed, [38],
[39].

The application of the SEM method enabled a
comprehensive evaluation of the relationship among
study variables to show the moderating effect of
perceived credibility and the factors that influenced
the use of fintech digital payment systems for
transactions in Central Java.

3 Problem Solution

The respondents studied are based on age, gender,
business model, annual turnover or sales, transaction
methods, and types of fintech digital payment
systems used by MSMEs in their business
transactions. Table 1 presents the frequency
distribution of the data respondent profile.

Different transaction methods are being used by
business actors in MSMEs based on customer needs
and preferences, target markets, increased
operational efficiency, adoption and acceptance of
relevant systems, and business conditions. The
selection of the appropriate method can assist in
minimizing risk and maximizing profits.

Figure 2 shows that MSMEs more widely use
the combination of cash and non-cash transaction

methods due to the greater flexibility and
accessibility provided for different types of
customers. The results further showed some

interesting trends related to the adoption of fintech
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digital payment systems as transaction tools by
MSME:s.

The results of Figure 3 showed that the fintech
digital payment systems used for transactions by
MSMEs were based on e-wallet applications such as
online bank transfers or m-banking. The others
include transactions conducted through QR codes
using smartphones connected to the internet, such as
Go-Pay, Shopee Pay, OVO, Link Aja, and DANA.
The research instrument was tested for validity and
reliability with a focus on PLS-SEM analysis. The
complete descriptive data underlying Figures 2 and
3, including the frequency distribution of transaction
methods and fintech digital payment system usage,
are presented in Appendix 1.

Table 1. Frequency distribution of respondent

profiles
Respondent Data Amount %
I. Gender
Woman 68 61.82
Man 42 38.18
Number of Respondents 110 100
2. Average Age of Owner
<20 Years 2 1.82
21-35 Years 63 57.27
36-45 Years 25 22.73
>45 Years 20 18.18
Number of Respondents 110 100
3. Business Process
Manufacturing / Production 39 35.45
Services 20 18.18
Trade / Distributor 51 46.36
110 100

4. Business Model

Physical Store 34 30.91

Online store 20 18.18

Combination 56 50.91
110 100

5. MSME Level

Micro Business 65 59.09

Small business 24 21.82

Medium Enterprises 21 19.09
Total Respondent Data = 110 100
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Source: Primary data processed by the author
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Fig. 2: Graph of Transaction Methods Used by
MSMEs

Source: Author’s elaboration
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Fig. 3: Adoption of Fintech Digital Payment

Systems for Transactions
Source: Author’s elaboration

Convergent validity was evaluated through
correlations between indicators in a single construct,
which was considered adequate if the outer loading
exceeded 0.7 and the Average Variance Extracted
(AVE) value was greater than 0.5, so that the
construct was deemed capable of optimally
explaining the variance of its indicators.

The results in Table 2 show that all indicators
are valid and significant, with outer loading values
exceeding the recommended threshold of 0.70. This
confirms that the indicators strongly represent their
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respective constructs, and no issues related to outer
loadings were identified.

Based on the results in Table 3, convergent
validity is fulfilled because all AVE values are >
0.5, confirming that the latent construct is able to
explain more than half of the indicator variance
effectively, so that the indicator is considered valid.

Meanwhile, discriminant validity was tested
using the  Heterotrait-Monotrait  Ratio  of
Correlations (HTMT) method, which assesses the
extent to which two constructs differ empirically
according to their basic concepts. An HTMT value
below 0.9 indicates that each construct has clear
differences and there is no excessive correlation.

Table 2. Outer Loading

Variable Outer
loadin
gs

Me.1 <- Perceived Credibility 0.929
Me.2 <- Perceived Credibility 0.941
Me.3 <- Perceived Credibility 0.931
X2.1 <- Effort expectancy (EE) 0.815
X2.2 <- Effort expectancy (EE) 0.859
X2.3 <- Effort expectancy (EE) 0.921
X2.4 <- Effort expectancy (EE) 0.844
X6.1 <- price value (PV) 0.906
X6.2 <- price value (PV) 0.883
X6.3 <- price value (PV) 0.909
X6.4 <- price value (PV) 0.874
X6.5 <- price value (PV) 0.834

Y.l <- Fintech digital payment transaction | 0.789
adoption
Y.2 <- Fintech digital payment transaction | 0.939
adoption
Y.3 <- Fintech digital payment transaction | 0.906
adoption
Y.4 <- Fintech digital payment transaction | 0.927
adoption
Perceived Credibility x price value (PV) ->| 1.000
Perceived Credibility x price value (PV)
Perceived Credibility x Effort expectancy (EE) -> | 1.000
Perceived Credibility x Effort expectancy (EE)
Source: Primary data processed by the author

Table 3. Average variance extracted

Construct Average
variance
extracted

(AVE)
Effort expectancy (EE) 0.741
Perceived Credibility 0.872
Fintech digital payment transaction 0.796
adoption
Price value (PV) 0.777

Source: Primary data processed by the author

The threshold of 0.90 recorded in Heterotrait-
Monotrait Ratio (HTMT) analysis using the Smart-
PLS method showed that all pairs of constructs
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satisfied discriminant validity. This shows that each
construct in the model is distinct and does not
overlap. Therefore, the study instrument was
considered valid and feasible for further analysis.

In this study, a reliability test was used to
examine the reliability or consistency of data from a
research instrument. The questionnaire was
considered reliable if the Cronbach's Alpha value
was greater than 0.70, indicating that the
measurement results would be consistent and
unchanged if repeated at different times or under
different conditions.

Table 4. Discriminant Validity of HTMT

Heterotrait-
Heterotrait-Monotrait ratio (HTMT) Monotrait ratio
—List (HTMT)

Perceived Credibility <-> Effort

Expectancy (EE) 0.457
fintech digital payment transaction

adoption <-> Effort expectancy (EE) 0.559
fintech digital payment transaction

adoption <-> Perceived Credibility 0.853
price value (PV) <-> Effort expectancy

(EE) 0.542
price value (PV) <-> Perceived

Credibility 0.540
price value (PV) <-> fintech digital

payment transaction adoption 0.505

Source: Created by the authors

Table 5. Reliability

Cronbachs | Composite || Composite
Construct alpha reliability reliability
(rho a) (rho ¢)
Effort
expectancy 0.883 0.892 0.919
(EE)
Perceived
Credibility 0.927 0.931 0.953
Fintech
digital
payment 0.913 0.921 0.94
transaction
adoption
Price value
(PV) 0.928 0.939 0.946

Source: Created by the authors

The results of the reliability and construct
validity analysis proved that all variables were
highly consistent and reliable. This was confirmed
through the Cronbach's alpha and composite
reliability (rho_a & rho_c) values, which were all
above 0.7. The values showed that the indicators in
each construct had strong internal consistency.
Additionally, the AVE values exceeded the
recommended threshold, further supporting the
convergent validity of the constructs. The
measurement items also demonstrated strong factor
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loadings, indicating that each item appropriately
represented its underlying variable.

These results showed that the instrument was
valid and reliable and could be used for further
analysis in testing the model developed.

Based on the following Table 6, the VIF test
results generally showed that there were no
significant multicollinearity problems in the model.
This trend was confirmed by the fact that all VIF
values were found to be < 5.

Table 6. Collinearity statistics (VIF

Outer model— List VIF
Mo.1 3.190
Mo.2 4.079
Mo.3 3,830
X1.1 2.231
X1.2 2.392
X1.3 3.635
X1.4 2.152
X2.1 3,535
X2.2 4.188
X2.3 4.308
X2.4 3,707
X2.5 3.343
Y.1 1,828
Y.2 4,647
Y.3 3,941
Y.4 4.111
Perceived Credibility x Effort 1,000
Expectancy (EE)
Perceived Credibility x Price Value (PV) 1,000
Source: Primary data processed by the author
Table 7. R-Square
R-square
R-square R-square adjusted
Fintech digital payment
transaction adoption 0.685 0.670

Source: Created by the authors

The adjusted R-square value showed that 67.0%
of the variability in the adoption of fintech digital
payment systems for transactions by MSMEs could
be explained by the independent variables in the
model, while the rest was associated with other
factors. This shows that the model has good
predictive accuracy.

Table 8. Model Fit

Fit Summary Saturated Estimated
model model
SRMR 0.063 0.063
d ULS 0.538 0.534
d G 0.528 0.527
Chi-square 323,893 320,096
NFI 0.811 0.813

Source: Created by the authors
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The Model Fit was considered a good fit based
on the data collected from 110 respondents through
a survey. This was confirmed by SRMR 0.063,
which was a good model fit, and NFI 0.813,
classified as close to the strong fit category. There is
no indication of major problems in the model fit.
Moreover, the analysis results could be used even
though the number of samples was within the
minimum limit.

Table 9. Hypotheses Tests

Path coefficients Ori T P
gin | statis | val
al tics | ues
sa | (OIS
mp | TDE
le V)
©)
Effort expectancy (EE) -> fintech digital 0.2 | 2436 | 0.0
payment transaction adoption 30 07
price value (PV) -> fintech digital payment| 0.0 | 0.846 | 0.1
transaction adoption 88 99
Perceived Credibility x price value (PV) - | 0.1 | 1,723 | 0.0
> fintech digital payment transaction 57 43
adoption
Perceived Credibility x Effort Expectancy | - 0.455 | 0.3
(EE) -> fintech digital payment transaction| 0.0 24
adoption 37

Source: Created by the authors

The results showed that effort expectancy (EE)
had a positive and significant influence on the
adoption of fintech digital payment systems for
transactions. As previously stated, [18], defined EE
as the level of ease associated with using a system
or technology. This shows the important role of the
factor in the intention to adopt the technology.
Moreover, the path coefficient was recorded to be
0.230 with a t-statistic of 2.436 and a p-value of
0.007 (significant at the 0.05 level).

The trend showed that the ease with which
individuals used fintech digital payment systems to
interact increased the possibility of adoption by
MSME owners. Meanwhile, price value (PV) did
not have a significant effect on the adoption. This
shows that cost perception is not a major factor in
transaction decisions. The path coefficient value
was 0.088 with a t-statistic of 0.846 and a p-value of
0.199. The values showed that the perceptions of
individuals about the price or costs of using fintech
digital payment systems for transactions did not
directly influence the decision of MSMEs to adopt.
However, a previous study by [40] showed that
price had a relative influence on the decision to use
digital products or services.

The consideration of perceived credibility (PC)
as a moderating variable strengthened the influence
of price value on adoption, with a significance level
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of 0.043. This showed that price value did not have
a significant direct effect, but the possession of a
high perception of credibility by MSME owners
towards fintech digital payment systems improved
the influence. However, the p-value of 0.324
showed that perceived credibility did not moderate
the effect of effort expectancy on the adoption of
fintech digital payment systems for transactions.
This is an indication that the ease of use of fintech
digital payment systems remains an independent
factor directly influencing the usage for transactions
in MSMEs, despite the level of credibility perceived
towards the platform.

4 Conclusion

The findings of this study underscore the
significance of perceived credibility (PC) in shaping
the adoption of fintech digital payment systems by
MSMEs, highlighting its role in moderating the
impact of price value, but not effort expectancy.
While effort expectancy (EE) emerged as a key
driver of adoption, the lack of a direct relationship
between price value (PV) and adoption suggests that
factors beyond cost considerations, such as trust and
system security, are more critical for MSMEs in
Central Java. These insights contribute to a deeper
understanding of the dynamic interplay between
technological ease of use, pricing structures, and the
perception of platform reliability. In the following
section, we summarize the key findings, their
implications for MSME stakeholders, and provide
suggestions for future research in the fintech sector.

4.1 Conclusion
In conclusion, this study showed that the perception
of credibility could increase the adoption of fintech
digital payment systems for transactions in MSMEs.
The results were based on the analysis of the
primary data collected from the field through
questionnaires and processed in SMART PLS 4.0
software through SEM PLS analysis. The
importance of building credibility in fintech digital
payment systems was identified to increase the
adoption and usage for transactions in MSMEs. The
other results recorded are as follows:

1. Effort Expectancy (EE) positively influenced the
adoption of fintech digital payment systems for
transactions, with a p-value of 0.007.

2. Price Value (PV) did not significantly affect the
adoption of fintech digital payment systems by
MSMEs for transactions, with a p-value of
0.199.
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3. Perceived Credibility (PC) strengthened the
influence of price value on the adoption of
fintech digital payment systems for transactions,
with a significance level of 0.043

4. Perceived Credibility does not moderate the
effect of the influence of effort expectancy on
the adoption of fintech digital payment systems
for transactions, with a p-value of 0.324.

4.2 Study Limitations

Some limitations identified include (1) the difficulty
in meeting respondents who were MSME owners,
which increased the time required to conduct the
study. (2) Some respondents were not willing to fill
out the questionnaire, which led to the provision of
assistance. (3) There was no data available on
MSME:s using fintech digital payment systems, such
as digital wallets, in Central Java, which led to the
conduct of a direct survey to collect the data in the
field.

The results are anticipated to contribute to
academic knowledge and serve as a practical guide
for professionals working in the fintech digital
payment systems sector, particularly in relation to
the application in MSMEs.
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